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Abstract

Young researchers (ages 8 and 13, respectively) designed two studies, each with 100+ respondents, to explore how respondents who might choose to

become health aides (females, ages 16-25) would respond to different messages about aspects of the job. The first study dealt with the respondent’s

feelings about taking care of an older male client, the second study dealt with both the respondent’s feelings about taking care of an older female AND at

the same time how the older female client might feel. Both studies showed the ability of the templated Mind Genomics process (www.bimileap.com) to

help the researchers develop better ideas, and in the end produce strong performing data, as proven by the IDT (index of divergent thought, measuring

strength of ideas based upon the responses of external respondents).

Introduction

In a previous study, the authors presented a new approach to
understanding the minds of people. Rather than having adult or at least
‘older’ individuals create experiments, the approach worked with young
people, giving them the tools to be researchers. The rationale for that
study was that young people may perceive a situation quite differently
from the way older people perceive the situation. Researchers are
well aware of individual differences as well as meaningful variation
in the topic that they study, while remaining blissfully unaware of the
differences in viewpoint of the same problem by different individual
[1]. One may study the way younger and older individuals perceive the
same topic, with the substance of the investigation being a comparison
of perceptions of the same problem. Such an approach can generate
a valuable corpus of data, but inevitable the focus of the research will
devolve to the differences in the questions that the different groups of
researchers will ask in their pursuit of knowledge. Whereas it may be
laudable to develop such knowledge, viz., differences in the perception
of the same topic by different groups, the focus on comparing the
different researcher groups ends up with comparisons of database, such
comparisons being done in a lockstep manner.

The contribution of this paper and its previously published
companion paper differs, following a new vision. That vision is that
the database of knowledge be created by young researchers, the effort
focused on learning about the world through the eyes of these young
researchers. Whereas comparison with older researchers may be
interesting, in the end the goal is to let the natural inquisitiveness of young
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researchers open up the world as they see that world. Furthermore, by
letting the young researchers follow their own interests, we get a sense
of how they perceive the world, without having to proceed in a lockstep
fashion with similar perceptions by older individuals. In a sense, we are
building a world of knowledge through the lenses of young people who
are now equipped with easy-to-use, quick, inexpensive, and engaging
state of the art research tools and statistics.

The Mind Genomics Process for Creating Knowledge

The objective of Mind Genomics is to create knowledge about
how people make decisions about the ordinary aspects of the day [2].
The interested reader is referred to the various published papers which
outline the approach and which provide examples of the applications
in topics as diverse as the law [3], society [3,4], as well as commercial
endeavors such as the design and marketing of food [5,6], and so forth.
The actual research is straightforward, founded on the premise that the
solid data emerges from the pattern of responses to test stimuli, when
these stimuli are created by combining messages or elements into
short test paragraphs. The combinations of messages are more natural,
combining different ideas, in a manner that would be experienced by a
person in daily life. Rather than asking the respondent to ‘think” about
the individual messages, thus possibly introducing bias and the effort by
respondents to ‘get the right answer, the researcher forces the respondent
to evaluate the combination in a way that can be described as ‘gut feel’
The respondent cannot guess the right answer, ending up simply rating
the combinations almost automatically, without thinking, mimicking a
great deal of our ‘automatic pilot’ which guides us through daily life.
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The study begins with the selection of four questions which tell a
story. The newly updated version of the BimiLeap program provides
artificial intelligence to help the researcher identify the questions (Idea
Coach). Once the respondent has selected the four questions, the
BimiLeap program offers Al-powered Idea Coach once again to help
the researcher to select four answers for each question. Finally, the
program dynamically creates different combinations of the 16 elements,
putting these elements into a group of 24 ‘vignettes, or combinations
[7]. Each respondent tests a totally different set of vignettes, much like
an MRI. The process takes about 3-4 minutes on the computer, with
many respondents reporting that they felt that they could not get the
‘right answer’ because there seemed to be no obvious structure.

The analysis of the foregoing data, done by regression and clustering,
end up creating a simple equation of the form: Dependent variable = k|
+k (A1) +k,(A2)...k (D4). The dependent variable is the assigned rating
by the respondent to a vignette, or for Mind Genomics a transformed
value. The independent variables are A1-D4, the 16 elements, which are
either present or absent in the vignette. The coefficients k -k, tell us the
contribution of each element to ‘driving’ or influencing the dependent
variable, DV. Finally, the additive constant, k0, tells us the estimated
value of the DV, the dependent variable if the vignette were to contain
no elements, a purely hypothetic case since all vignettes comprise 2-4
elements specified by the underlying experimental design. The additive
constant is typically looked as a baseline value.

The two new studies run by senior authors Ciara Mendoza and her
brother Cledwin Mendoza deal with aides to seniors (age 84 for males,
94 for females). The two studies were positioned slightly differently, but
both dealt with aides doing various activities with and for their clients.
In both studies the respondents were 100+ women, ages 16-25, from
the United States, with stated income of $35,000 or less. The objective
was to sample female respondents would someday think of becoming
a health aide or companion for an older individual. The respondents
were recruited by Luc.id Inc., a company specializing in aggregating
respondents for online panels. The actual specifications for the
respondents were set up in the recruitment specifics, in an API linked
to Luc.id. All the researchers had to do was selecting the qualifications
for the respondent, and order (purchase) the respondents. Once the
researcher paid for the panel by credit card the study was launched,
requiring about 1-2 hours to complete. All specifics about panelist
‘incentives’ to participate were handled separately by Luc.id. It is
important to keep in mind that the study might have taken a week or
two to complete through other means, such as inviting one’s friends.
The system developed with Luc.id took that down to 60-90 minutes.

The final things to keep in mind before we look at the studies is
that the analysis is fairly standard by now, using data transformation to
create the ‘dependent variable), followed by OLS (ordinary least-square
regression) to create equations, and then k-means segmentation [8]
to identify groups which are different in the way they responds to the
elements, the so-called mind-sets.

Structure of the Studies and the Analyses

The topic of aging is growing in interest for a simple, overwhelming
unchallengeable reason, demographics. The population is growing
older [9,10]. With aging comes the inevitable consequences of loss of
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physical capacity [11], loss of mental capacity [12,13] and the increasing
recognition that older people often perform better when they are
encouraged and helped by aides specially trained for older people [14-17].

The focus of these two experiments is to understand the mind
of women, ages 16-25, who might possibly become health aides,
ministering to very old individuals, clients well into their 90’s. Such
information about what prospects think about the aspects of a job
helps the employer to keep abreast of both the changes in the way
prospective employees ‘think about a job, as well as understand the
type of person who might be best suited from the job, based upon
the way the job candidates ‘thinks. Finally, the ability to gather such
information literally in less than a day, for very little money allows
anyone to make better decisions, either about hiring a candidate
employee, or for the employee choosing the employer or even the best
career. To prepare for these larger studies calling for 100 respondents
per study, the young researchers practiced setting up studies in
BimiLeap, and running five respondents per study. This practice
allowed them to become more facile with the BimiLeap approach,
with the use of artificial intelligence through Idea Coach, and finally
to break somewhat free of the embedded artificial intelligence by
editing the answers provided to them, in some cases pre-empting the
artificial intelligence to provide their own answers. This ability to edit
or replace Al-suggested answers is an important one. Research by
author HM and colleagues testing Al-generated vs. human-generated
answers found that, in most cases dealing with issues of daily life, the
human-generated answers generated higher response levels than AI-
generated answers, strongly suggesting that whereas Al-generated
answers are often sufficient, some can be improved or added with
human judgment. However, we should note that as the Al algorithms
improve, the quality of the answers is likely to also improve. Even with
improvements, the authors expect that human researchers will remain
the final judges and arbiters of the most appropriate answers [18].

The actual studies are summarized in two sets of three tables each.
The first table in the triplet shows the parameters of the equation
relating the presence/absence of the elements to the TOP2, the
positive ratings (viz., easy to take care). The second table in the triplet
shows the parameter of the equation relating the presence/absence of
the elements to the BOT2 ratings (viz., hard to take care). The third
table in the triplet shows the Index of Divergent Thought, an approach
to measure the quality of thought, based upon the weighted number
of positive coefficients. It will be clear from this third table in the
triplet that the young researchers have been able to master some of the
important aspects of the research approach, specifically the selection
of strong performing elements.

Study 1: Taking Care of a 94 Year Old Man

The study concerned the feelings towards an old man, with the
aide’s job, in part, were to talk to the man for an hour. As in these
studies by young researchers, all of the material was created by
them, with minimal direction from the senior authors. The top row
of Table 1 shows the introduction to the topic, as presented to the
respondents. The respondents themselves will have no ideas about
the correct answer because they read the orientation paragraph, and
then immediately rate a set of 24 vignettes comprising 2-4 of the
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Table 1: Performance of elements dealing with care for a 94 year old man. Part 1 shows the results for ratings of ‘easy’ Part 2 shows the results for ratings of difficult’

Imagine you got a job as a health aide, either at a person's home or in a facility. Now think about your new 'patient’. Try to imagine how you would feel if part of your job responsibilities are to
talk to him for at least an hour a day. How difficult is it to take care of a 94 year old man?
Rating question: 1=Very difficult, 2=Difficult, 3=Pretty simple, 4=Easy, 5=Very easy
Part 1 = Rating of ‘easy’
Transformation TOP2 Total MS1of2 | MS2of3 | MS3of3
Ratings 5, 4 transformed to 100 and Ratings 3,2,1 transformed to 0
Base Size 105 26 46 33
Additive Constant 42 60 48 21
MS 1 of 3: Talking is sharing
A2 Talking provides a sense of purpose and meaning in life. 2 13 3
Al Talking provides sense of social connectedness. 11 4
A3 Talking provides an opportunity to share wisdom and life experiences. 2 11 7
MS 2 of 3: Talking improves quality of life
Bl Talking to an old man provides with social interaction and stimulation. 7 18 4
B2 Talking to an old man provides him a sense of companionship. 5 18
B3 Talking to an old man helps maintain his mental faculties. 5 15 2
B4 Talking to an old man promotes better sleep 4 11 8
MS 3 of 3: Talking promoted teaching
D3 Talking with an old man lets him connect because she can ask about the lives of other people 21
D4 Talking with an old man lets him offer advice and wisdom based on her life experiences. 3 21
D2 Talking with an old man lets him talk life and what she's done. 2 20
D1 Talking with an old man helps him feel more connected to others because she can share her experiences and stories with them. 3 18
A4 Talking may help delay the onset of dementia and Alzheimer's disease. 7 8
B4 Talking to an old man promotes better sleep 4 11 8
Positive but not strong for any mind-set
C1 Talking to an old man helps him feel heard. 5
C2 Talking to an old man helps him express herself 3 3 2
C3 Talking to an old man helps his remember things . 2 2 6
C4 Talking to an old man helps him feel happy and content. 4 3 4 3
Part 2 - Ratings of Difficult
Transformation BOT2 Total MS1of2 | MS2of3 | MS3of3
Ratings of 1,2, transformed to 100, ratings of 3,4,5 transformed to 0
Additive Constant 30 17 26 45
Strong for Mind-Set 1
Strong for Mind-Set 2
Strong for Mind-Set 3
Positive but not strong for any mind-set
Al Talking provides sense of social connectedness. 6
A2 Talking provides a sense of purpose and meaning in life. 2 2
A3 Talking provides an opportunity to share wisdom and life experiences. 3 2
A4 Talking may help delay the onset of dementia and Alzheimer's disease. 3 6 4
B1 Talking to an old man provides with social interaction and stimulation. 5
B2 Talking to an old man provides him a sense of companionship. 6
B3 Talking to an old man helps maintain his mental faculties. 3
B4 Talking to an old man promotes better sleep 5
C4 Talking to an old man helps him feel happy and content. 3
D1 Talking with an old man helps him feel more connected to others because she can share her experiences and stories with them. 3
D2 Talking with an old man lets him talk life and what she's done. 3 6
D4 Talking with an old man lets him offer advice and wisdom based on her life experiences. 4 7
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elements without any interaction with a person to give them a clue
about ‘right/wrong; doing so in 3-4 minutes. As mentioned in the
short introduction, the BimiLeap program produces a single model
or equation for the total set of 105 respondents, then produces 105
separate models or equations, one for each respondent. Finally, the
BimiLeap program clusters the 105 respondents based upon their
individual models, using the values for the 16 coefficients, emerging
with three distinct groups of people . These are the mind-sets. The
BimiLeap program then creates one new equation based on all the
individuals within a mind-set.

We now explore Table 1, Part A (drivers of ‘easy’), beginning with
the Total Panel, and then proceeding to a comparison of the mind-sets.

1. Additive constant for the total panel is th estimated proportion
of the transformed responses (TOP2) to be 100, or the original
ratings to be 4 or 5, in the absence of elements. Clearly the
experimental design precludes that, forcing each vignette to
contain a minimum of two elements and a maximum of four
elements, with no vignette containing mor than one element
or answer from a question. Thus the additive constant is
a baseline. For total panel the additive constant is 42. This
means that the baseline ease to take care of the old man is low.
There is a great deal of difficulty. Only 42% of the responses
would be stating ‘easy’

2. The mind-sets show an exceptionally large variation in basic
easy’ responses. Mind set 1 feels that it will be very easy
(additive constant 60) whereas Mind set 3 feels that it will be
not easy (additive constant 21)

3. The Sstory’ continues with the coefficients. Although the
respondents may have felt that they were ‘guessing’ nothing
could be further from the truth. Keep in mind that we are
looking only at the positive coefficients, viz., those which mean
that incorporating the element into the vignette increases the
rating of ‘easy’ (viz., rating of 5,4). The coefficients show the
incremental percentage of respondents rating the vignette
‘easy’

4. Looking at the top part of Table 1, devoted to TOP2, the
ratings of ‘easy, and focusing only on the column or Total
Panel, we see that most of the elements which appear have
low positive coeflicients. This tells us that they do drive a
response of ‘easy’ for the vignette BUT not too strongly. Only
one of the elements, B7, Talking to an old man provides with
social interaction and stimulation, with a coefficient of +7,
approaches the status of ‘strong performer. The status of
‘strong performer’ is based upon statistical considerations,
with a coefficient of +8 approaching ‘statistical significance’ in
the underlying regression analysis.

5. It is when we get to the mind-sets that we see strong elements
emerging. The rationale for the emergence of these mind-sets
is simply that the Total Panel comprises these groups which
cancel out the ‘signals’ emerging from each mind-set. In other
words, there is too much ‘noise’ in the total panel.
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6. The mind-sets emerge from the process of clustering, viz.,
dividing the 105 respondents by the pattern of their 16
coeflicients. The flat data that we saw for the total panel seems
to disappear, to be replaced by different groups of strong
performing elements. The composition of each mind-set is
determined by the clustering process, a purely mathematical
process. It is the researcher’s job to find the underlying story,
and thus give the mind-seta name. Sometimes these underlying
stories are not clear when we extract only two mind-sets. The
stories get clearer when we extract three mind-sets. Of course,
the story will get increasingly clear as we extract more than
three mind-sets, but good research practice dictates that work
with as few mind-sets as possible (parsimony), as well as strive
for a clear story (interpretability)..

7. As we inspect the top section of Table 1, we see many strong
performing elements in each mindset, as well as many blank
cells. Our conclusion is respondents see the topic of caring
for a 94 year old as having different benefits. From a practical
point of view we now have a deeper understanding of the
different facets of taking are of a 94 year old man, facets are
perceived by real people, rather than by policy makers and
managers.

8. Moving now to the bottom section of Table 1, we inspect the
results after turning the scale around, looking at the elements
which drive difficult’ Keep in mind that BOT2 looks at the
data in the same way, but only after the transformation.

9. Our inspection of the data for difficult’ begins with the
additive constant. The four numbers suggest low but not very
low basic perception of difficult’ The additive coeflicient for
Total Panel is 30, which is appreciable, and not small at all. It
means in the absence of any information, we expect 30% of
the ratings of the vignette to be 1 pr 2, respectively.

10. When we move to the mind-set we see that we will encounter
a range of basic perceptions of ‘difficult’ with Mind-Set 3
expected to rate almost half of the vignettes as difficult or very
difficult. From a practical point of view, we should expect less
‘trouble’ working with Mind=Set 1 with their low additive
constant of 17 for ‘difficult, and more ‘trouble’ with working
with Mind-Set 3 with their high additive constant of 45.

11. The actual coefficients are occasionally positive, but many are
blank, so they are irrelevant. Furthermore, Table 1 shows no
strong performing elements for ‘difficult’ Nothing stands out,
either for the Total Panel or for the three mind-sets.

Study 2 - Taking Care of a 94 Year Old Woman

This second study was more adventurous, reflecting the effort
to understand what the respondent would feel (Ratings 5 and 4 vs.
ratings 1 and 2), and what the 94 year old client (Lila) might feel. Our
focus will be primarily on what the respondent says she herself would
feel, and then secondarily on what the respondent thinks her client
would feel. For the respondent, the key new things to consider are the
need to answer considering the two options, her feeling and her guess
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Table 2: Averages of transformed ratings and ‘net ratings’ for the vignettes.

What the Respondent rates about self ‘What the Respondent says about the Client’s expected response Total MS1 MS2 MS3
R5 Easy for me Client Likes 30 34 26 30
R4 Easy for me Client Dislikes 24 26 24 22
R3 Don’t Know Don’t Know 26 26 27 24
R2 Hard for me Client Likes 16 10 17 21
R1 Hard for me Client Dislikes 4 4 5 4
R54RE Easy for me 54 61 51 51
R12RH Hard for me 20 14 22 24
R52CL Client Likes 46 44 43 51
R14CD Client Dislikes 28 30 30 25

about the respondents feelings. Table 2 shows the distribution of the
five point ratings across all 101 respondents (R5-R1), as well as the
four ‘net’ values. These net values are R54 (Respondent feels it will be
easy), R12 (Respondent feels it will be hard), R52 (Respondent feels
that the client will like it), and finally R14 (Respondent feels that the
client will dislike it).

The pattern of percentages in Table 2 suggests differences among
the mind-sets, and that the respondents can differentiate their feelings
from those of the presumed client feelings. For example, R4 (easy for
me; client dislikes) as well as R2 (hard for me, client likes) show non-
zero values. Respondents are able to differentiate themselves from
their clients, even for the same vignette. The ability appears in the
entire total panel and all three mind-sets.

Table 2 suggests that the respondents seem able to differentiate
what they feel about the information in a vignette versus what they
expect another person to feel. The ability to differentiate different
points of view with a single rating permits the researcher to more
deeply understand how people respond versus how they think
others will respond. This finding should not surprise us. The basis of
consumer research is the evaluation of different aspects of a concept or
product. Of greater interest will be the analysis to discover the nature
of the specific elements, viz., which specific elements are perceived
to be easy/client will like, versus easy/client will dislike, etc. We now
move to the analysis of the data as we in Table 1, looking only at the
first half of the rating scale, easy vs. hard, independent of the expected
response of the client. Table 3 (Top portion) shows the results similar
to Table 1, viz. for ratings of ‘Easy’ (TOP2). We see that the additive
constants are in the middle range, 45 for the total, and 39 to 59 for the
mind-sets. The stronger results emerge from the coefficients. There is
only one strong performing element for the Total Panel (D3: Talking
with an old lady lets her connect because she can ask about the lives
of other people). In contrast, when the respondents are clustered
into three groups, viz., mind-sets, several elements emerge as strong
performers for each mind-set.

When we look at the mind-sets in terms of easy vs. hard for the
aide (viz. for the respondent assuming to herself that she is the aide),
we find that the differences among the mind-sets are subtle, rather
than dramatic. It may be that adding another consideration to the
rating scale, the response of the client, viz., the old lady, may interfere

Psychol ] Res Open, Volume 5(1): 5-8, 2023

with the ability of the respondent to focus on how she feels about
the message for herself as the aide. When we move to the bottom up
(HARD), in the second part of Table 3 we find that Mind-Set 1 begins
with the lowest level of basic perceived hard (Additive Constant =13),
and, in turn, shows the only strong performing elements. The other
two mind-sets as well as Total Panel show no strong performing
elements. When we move to the second part of the scale, that dealing
the expected response of the ‘lient, viz., the 94 year old woman, we
begin to get a clear picture of what might be the most important
elements. These are from group B.

Talking to an old lady provides her with social interaction and
stimulation.

Talking to an old lady helps maintain her mental faculties.
Talking to an old lady promotes better sleep for her.
Talking to an old lady provides her a sense of companionship.

It may well turn out that for these types of studies about jobs, the
best approach is to use a double sided scale, one side dealing with
one’s own feelings, the other side dealing with the expected response
of others.

Measuring the Performance of the Research Results

A continuing issue in research is the measurement of ‘research
quality’ How does one know whether a study is of high quality or poor
quality? One may look at the execution of the study, the analysis of
the data, and even the writeup of the results to get a sense of whether
the study is worthy of publication. But what about studies of the
everyday, where the topic may not be particularly interesting because
it is ordinary, ‘mundane; and simply falls below the radar of a serious
scientist.

The issue of ‘research quality’ is especially important for the efforts
which go into studies using Mind Genomics. By its very nature, Mind
Genomics deals with the boring, the ordinary, despite the ordinariness
of the topic, well executed Mind Genomics experiment emerges with
a great of insight about the thinking by people, doing so without
changing the reality of the situation, without somehow manipulating
the situation to show an effect. A key aspect of Mind Genomics is
that the test stimuli are evaluated by people for their basic loading’
on different variables, such as one’s perceived enjoyment in doing the



Howard Moskowitz (2023) Empowering Young Researchers: Understanding the Mind of Prospective Aides Regarding Elderly Clients

Table 3: Performance of elements dealing with care for a 94 year old woman. The table focuses only on the rating of easy/hard as perceived by the respondent. Part 1 shows the results for ratings
of ‘easy’. Part 2 shows the results for ratings of ‘difficult’

Study info: Imagine you got a job as a health aide, either at a person's home or in a facility. Now think about your new 'patient'. Her name is Lila. She is a 94 year old woman. Try to imagine
how you would feel if part of your job responsibilities are to talk to her for at least an hour a day during your work with Lila.

Rating question: What would happen if your supervisor told you that THESE ARE WHY YOU ARE TALKING TO LILA EVERY DAY
Ratings

1=Hard for me. AND.. Lila won't like

2=Hard for me... BUT.. Lila will like it

3=I don't know

4=Easy for me. BUT.. Lila won't like it

5= Easy for me.. AND Lila will like it

Transformation TOP2 ( EASY)

Ratings 5, 4 transformed to 100, Ratings 3,2,1 transformed to 0

Total MS1of3 | MS20f3 | MS3of3

Base Size 101 28 34 39

Additive Constant 45 59 44 39

Strong for MS 1 - Talking helps the lady function

C2 Talking to an old lady helps her express herself 3 20
C1 Talking to an old lady helps her feel heard. 18
C4 Talking to an old lady helps her feel happy and content. 17
C3 Talking to an old lady helps her remember things . 2 15
D2 Talking with an old lady lets her talk life and what she's done. 6 11 12

Strong for MS2 - Talking helps lady connect with others and keep emotionally healthy

A2 Talking provides a sense of purpose and meaning in life. 3 17
A3 Talking provides an opportunity to share wisdom and life experiences. 14
Al Talking provides sense of social connectedness. 2 10
A4 Talking may help delay the onset of dementia and Alzheimer's disease. 2 9

Strong for MS3 — Talking helps lady share and teach from her life experience

D1 Talking with an old lady helps her feel more connected to others because she can share her experiences and stories with them. 6 16
D3 Talking with an old lady lets her connect because she can ask about the lives of other people 8 7 13
D4 Talking with an old lady lets her offer advice and wisdom based on her life experiences. 6 4 13
D2 Talking with an old lady lets her talk life and what she's done. 6 11 12
B4 Talking to an old lady promotes better sleep for her. 4 9
Bl Talking to an old lady provides her with social interaction and stimulation. 3 8
Positive coefficients but not strong for any mind-set
B2 Talking to an old lady provides her a sense of companionship. 7
B3 Talking to an old lady helps maintain her mental faculties. 6

Transformation BOT2 (HARD)
Ratings of 1,2, transformed to 100, Total MS1 of 2 MS2o0f3 | MS3of 3
ratings of 3,4,5 transformed to 0

Additive Constant 23 13 24 28

Strong for MS 1 - Talking helps the lady function

Bl Talking to an old lady provides her with social interaction and stimulation. 3 14 3
B2 Talking to an old lady provides her a sense of companionship. 4 12 2
B3 Talking to an old lady helps maintain her mental faculties. 4 11 4

Strong for MS2 - Talking helps lady connect with others and keep emotionally healthy

Strong for MS3 - Talking helps lady share and teach from her life experience

Positive but not strong for any mind-set

Al Talking provides sense of social connectedness. 2

A2 Talking provides a sense of purpose and meaning in life. 4 3
A3 Talking provides an opportunity to share wisdom and life experiences. 2 5 3
B4 Talking to an old lady promotes better sleep for her. 4 4 4 5
C4 Talking to an old lady helps her feel happy and content. 4
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Table 4: Performance of elements showing the ‘expected response’ of the 94 year old woman (client). The table focuses only on the rating of how the respondent feels that the client will like the
element. 1 shows the results for ratings of ‘client like. Part 2 shows the results for ratings of ‘client dislikes.

Client WILL like
Rating 2,5 transformed to 100 Total
Rating 1,3, 4 transformed to 0
Additive Constant 42
sl Talking to an old lady provides her with social interaction and stimulation. 10
B3 Talking to an old lady helps maintain her mental faculties. 10
B4 Talking to an old lady promotes better sleep for her. 9
B2 Talking to an old lady provides her a sense of companionship. 9
Client WILL NOT like
Rating 1,4 transformed to 100 Total
Rating 2,3,5 transformed to 0
Additive Constant 25
A3 Talking provides an opportunity to share wisdom and life experiences. 5
C2 Talking to an old lady helps her express herself 4
A4 Talking may help delay the onset of dementia and Alzheimer's disease. 4
A2 Talking provides a sense of purpose and meaning in life. 4
Cl1 Talking to an old lady helps her feel heard. 3
D1 Talking with an old lady helps her feel more connected to others because she can share her experiences and stories with them. 3
C4 Talking to an old lady helps her feel happy and content. 2
D3 Talking with an old lady lets her connect because she can ask about the lives of other people 2
Table 5: The IDT (Index of Divergent Thought) and its computation for the two studies, on a 94 year old man, and a 94 year old woman.
Total MS1of2 MS2of2 MS1of3 MS2of3 MS3of3
94 year old Man
Sum Total of All Positive Coefficients 45 95 75 48 80 121
Average of All Positive Coefficients (sum coefficients/base) 04 1.9 14 1.8 1.7 3.7
Number of respondents in the column (in the subgroup) 105 50 55 26 46 33
Weight = Proportion of the respondents in the subgroup 0.33 0.16 0.17 0.08 0.15 0.10
Weighted Total (Weight x Sum Total of All Positive Coefficients) 14.9 15.2 12.8 3.8 12 12.1
Final Score = sum of weighted total 70.7
94 year old woman Total MS1of2 MS2of2 MS1of3 MS2of3 MS3of3
Sum Total of All Positive Coefficients 47 62 81 93 53 85
Average of All Positive Coefficients (sum coefficients/base) 0.5 1.3 1.5 33 1.6 2.2
Number of respondents in the column (in the subgroup) 101 47 54 28 34 39
Weight = Proportion of the respondents in the subgroup 0.33 0.16 0.18 0.09 0.11 0.13
Weighted Total (Weight x Sum Total of All Positive Coefficients) 15.5 9.9 14.6 8.4 5.8 11.1
Final Score = sum of weighted total 65.3

action. We can define the performance of the element as being the
coefficient. That coefficient shows the degree to which the element
departs in a positive way from the current baseline. Presumably the
greater the sum of departures from the current baseline, the better the
experiment because it is the human judge who rates the test elements.

Mind Genomics studies lend themselves to measures of research
quality that can be made automatic, and objective. It is not an expert who
evaluates the vignettes, but real individuals. In turn the individuals, who
evaluate, viz. the respondents, can be sourced from many places, with the
respondent ‘panel’ shaped to fit required specifications. As such, Mind
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Genomics both creates the test stimuli, and evaluates them by people, in
what might be called a meld of objective and subjective measures. In the
end, however, the evaluation of the test vignettes is done in a structured,
and reproducible fashion, leading to numbers (additive constants,
coeflicients, after the dependent variable is specified). The measure of
research quality developed for Mind Genomics is called the IDT, the
Index of Divergent Thought. The calculations for the IDT are shown in
Table 5. The IDT works simply by considering only positive coefficients
of 1 or higher for six groups. These groups are Total Panel, the three

mind-sets, discussed here, and the two-mindsets, not discussed here.



Howard Moskowitz (2023) Empowering Young Researchers: Understanding the Mind of Prospective Aides Regarding Elderly Clients

The approach sums the positive coefficients for each of the six groups,
weights each sum by the relative proportion of the respondents in that
group, and then adds the weighted sums.

In many studies the IDT is often 30-50. The IDT results are very
high for these two studies, perhaps the result of the young researchers
gaining experience in how to think about the problems, combine with
their ability to work with artificial intelligence suggestions, and then
modify these suggestions to be simple, and direct. The IDT values of
70.7 and 65.3 are unusually high, and speak to the positive impact
Mind Genomics can exert on the intellectual development of young
people when they are actively involved as science researchers.

Discussion and Conclusions

As the world of consumer research evolves, it is becoming
increasingly clear that the voices of researchers need not remain those
of the academic elite who have been educated in best practices. The
results shown in this paper suggest that the increasing power of the
computer, and of artificial intelligence, is allowing more people to
participate in the creation of knowledge, indeed knowledge of high
quality. What then has been shown in this study beyond the ability
of young people to become researchers? If one were to summarize
the learnings, it is that there is an opportunity to improve societal
welfare by understanding the needs of people through research. The
simple examples of these two studies suggest specific activities which
are hard, activities which are easy, and that people differ from each
other in their opinions. These differences among people emerge when
people are presented with compound test stimuli, preventing the
people from ‘knowing the right answer’

When we look at the different activities, and the responses to those
activities, we become more away of subtle differences in behaviors that
we might have combined under a general rubric. For example, talking to
the client and encouraging the client to talk may seem to be one simple
topic, but there are many facets of talking. Only through experiments
such as those enabled by Mind Genomics can we end up quantifying
the differences. Yet, beyond the template lies the suggesting power of
Idea Coach (artificial intelligence), the response of real human beings
(test execution), and the power of objective analysis (regression and
clustering). This triumvirate, acting together in the period of an hour
or two, and supporting the efforts of young researchers, or indeed
anyone, anywhere interested in a problem, promises a breakthrough
in the education of young people in a new manner, and perhaps the
solution of societal problems driven by young minds, rather than by
experienced but desensitized professionals whose very history ends up
blinding them to important, emerging opportunities.
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